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Conditional Generative Occupancy Fields
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Liecon = ||z — z||1, where z=7(R(G(z,¢§))).
Index Loss Cbl] LD] LCt DSt DSt DS,t FID(128)]
1 Lgan 1.09 5.04 2.04 2.13 2.54 7.16 18.76 )
2+ Lrecon 087 385 2615 356 503 11.00 21.97 (baseline)




Conditional Generative Occupancy Fields
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Conditional Generative Occupancy Fields
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Index Loss CD] ID| LCT DSt DS.T DS, FID(128)]
T Lgn 109 504 204 213 254 716 18.76
2+ Lrccon 087 385 2615 356 503 11.00 21.97
3 (+Lapen)* 165 616 006 093 134  1.09 71.67
4  +MgS 029 398 2745 355 490 948 38.91
5  +Rg 031 351 5174 356 531 1594 29.62
6 +RWMm 027 472 3025 3.8 443 1626 31.63
7+ Liamk 039 186 8443 1654 1665 21.24 56.90
8  + Ly 026 144 8991 2047 2204 2291 47.18




Consistent Identitg

Qualitative Results

Consistent Expression Control



Qualitative Results

Out-of-distribution Expression Control Results



Qualitative Results
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Head Pose Control Results



(b) Corresponding Normal Maps for (a)

(a) Varying Expressions
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Extend to EG3D[




Extend to EG3D[
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(d) Varying Identities

(c) Varying Poses
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Extend to EG3D[

Input Inversion Varying Expression
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