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• Assumes clients can train an identical model
• Clients train on local data, weights averaged at the server
• Global shared model benefits from all client data

Standard Federated Learning (FedAvg)



• Data for ML is distributed across diverse devices from small to large

• Learn ML models from diverse devices while maintaining data privacy

Heterogeneous Device Prototypes
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FL with Heterogeneous Device Prototypes
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FL with Heterogeneous Device Prototypes

Server Knowledge Transfer Across Prototypes
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Limitations of Existing KD-based Methods
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Proposed Method: TAKFL
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Experiment Results (CV Task)



Experiment Results (NLP Task)



Experiment Results (Scalability)



Thank you for listening!

Feel free to reach out if you have any questions!


