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Exploiting Coupled Oscillator Networks for Control
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Results: Latent-space Control
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Conclusion

Summary:

✅Proposed a new oscillatory network that is Input-to-State (ISS) stable.

✅Leveraged the Coupled Oscillator Networks for learning latent dynamics 
from pixels.

✅The structure of the latent dynamics can be exploited for stability 
analysis & model-based control.

✅Priors: shared characteristics between full- and reduced-order system

▪ Both systems are mechanical with energy-like expressions. 

▪ Both systems exhibit a single, isolated equilibrium.

▪ Both systems share stability guarantees: Global Asymptotic Stability 
(GAS) & Input-to-State Stability (ISS).
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