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SCRREAM : Motivation
Commonly Used Indoor Dataset : Scan Entire Scene !

Indoor Dataset Annotated by SCRREAM Pipeline : Scan Individually and Register!

Individually scanned high resolution meshes registered to the real scene Real RGBD Sequence + Rendered Ground Truth 

ScanNet++ [2]ScanNet++ [2] Replica [3]Replica [3]Matterport3D [1]Matterport3D [1]
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SCRREAM : Intro
1. SCan

3. REnder 4. Map (real images)

2. Register

…

Map Real Image Sequence to Synthetic FeatureSynthetic Image Rendering and Feature De-projection

…

Scan Individual Objects, Furniture and Room Register the Scanned Meshes on the Scene



SCRREAM : Hardware

Lucid Phoenix
(RGB+P) 

Raspberry Pi
(Hardware Sync) RealSense D435

(Active Stereo Depth) 

Lucid Helios
(Indirect ToF) 

(c) Camera Rig(b) Artec Leo Hand-Held Scanner(a) Shining 3D EinScan



SCRREAM : Pipeline

(b) Partial scanning 
of the scene

(c) Registering pre-scanned meshes to 
partially scanned mesh 

(a) Pre-scan objects,
furniture and rooms

(f) Record a video sequence  
with the real camera rig

(d) Render the registered scene
with realistic lighting  

(e) Map feature with rendered 
image with GT pose

(g) Obtain the camera pose by feature 
matching on the synthetic feature

(h) Render 3D information by using 
the camera pose and the mesh

Two Stage Mapping





SCRREAM : Indoor Reconstruction and SLAM Dataset

Scene01 Scene02 Scene03

Scene04 Scene05 Scene06

Scene09Scene08Scene07

Scene10

Scene11



SCRREAM : Indoor NVS Benchmark

[13] B.Kerbl, G.Kopanas, T.Leimkühler, G.Drettakis, “3d gaussian splatting for real-time radiance field rendering” ACM Transactions on Graphics 2023. 
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SCRREAM : Indoor Reconstruction and SLAM Benchmark
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SCRREAM : Possible Variations

(a) Scene Editing Dataset (c) 6D Pose and Object 
Detection Dataset

(b) (Semi) Dynamic Human 
Reconstruction Dataset

Mannequin

Possible Dataset Variants
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(a) Scene Editing Dataset (c) 6D Pose and Object 
Detection Dataset

(b) (Semi) Dynamic Human 
Reconstruction Dataset

Mannequin

Object 
Removal

Full Scene Reduced Scene 

Possible Dataset Variants

(a) Scene Editing Dataset



(b) (Semi) Dynamic Human Reconstruction Dataset
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SCRREAM : Possible Variations

(c) 6D Pose and Object Detection Dataset

Annotation Example Camera TrajectoryAnnotation Example Camera Trajectory

(a) Scene Editing Dataset (c) 6D Pose and Object 
Detection Dataset

(b) (Semi) Dynamic Human 
Reconstruction Dataset

Mannequin

Possible Dataset Variants
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