OHT

Differentiable Hierarchical Visual Tokenisation
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Figure 1: Comparing spatial granularity in visual tokenizers. OHT (right) provides an end-to-end learnable
framework for multi-scale tokenization. We provide more examples in Figure E.6.
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Figure E.1: Segmentation examples for OHT over ADE20k, showing fine grained segmentation labels only
using a simple MLP head without upscaling. 7op: Original images (512 x 512). Middle: Annotated target
images. Bottom: Predicted labels from 0HT.
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Thank you for your attention!
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