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pose greater challenges, warranting more attention in future.
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Efficient & Seamless Integ ration e Ada-KV demonstrates broad applicability, improving existing

Our adaptive strategy supports FlashAttention technique, methods under various tasks, budgets and scenarios.
achieving efficiency comparable to uniform allocation.
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Our Ada-KV: From Uniform to Adaptive Allocation
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Ut
e

Table 3: Performance gains from applying the Ada-KV strategy to follow-up methods. All results are

§.|: 16k 32k 64k 128k 256k448k from the Llama-3.1-8B model on the Longbench benchmark under question-agnostic settings.
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