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Motivation – Dynamic World State
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Dynamic Modality Quality of 
Information (QoI)

Fluctuating Computational 
Resource Availability



Challenges

• Existing multimodal networks 
are largely static

• Modalities are allocated the 
same resources regardless of 
world state

• Cannot accommodate variable 
computational resource 
availability
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Proposed Solution
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ADMN Overall Architecture
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ADMN Overall Architecture
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Main Results – GDTM Localization
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Upper Bound utilizes 24 layers (12 for each modality backbone)
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