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Motivation - Dynamic World State
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Challenges

Existing multimodal networks
are largely static

Modalities are allocated the
same resources regardless of
world state

Cannot accommodate variable
computational resource
availability
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Proposed Solution
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ADMN Overall Architecture
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ADMN Overall Architecture
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Main Results - GDTM Localization

GDTM Dataset

Gaussian Lowlight Blur
Method 6 8 12 16 6 8 12 16 6 8 12 16
Upper Bound 29.6 18.8 9.4
ADMN 51.4 39.0 33.1 30.3 49.5 123.9]18.0 17.3 11.8 11.2 9.8 9.9
ADMN_AE 53.6 384 33.5 29.4 35.3 |22.8] 187 176 140 114 9.8 9.6
MNS 39.3 32.1 575 73.0 117.5)183.9]117.6 116.8 109.5 114.2 117.7 74.0

Naive Alloc. 112.5 97.6 46.9 31.0 90.3 |67.3| 27.1 177 814 50.6 125 9.8
Naive Scratch 39.1 36.7 404 37.3 117.5 |84.6|117.6 117.5 117.8 116.2 117.7 93.6
Image Only 67.5 53.2 53.7 — 568 |456] 462 — 154 11.2 103 —

Depth Only 85.0 61.7 586 — 721 |649] 634 — 257 226 223 —

Upper Bound utilizes 24 layers (12 for each modality backbone)
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