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Motivation

▪ Code Optimization is less explored.

▪ Task of code optimization:

▪ Slower code is

▪ Compilable & Correct
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Our findings

▪ On ParEval benchmark, no 
one LLM performs the best on 
all problems 

▪ GPT-4o  is the overall winner. 

▪ E.g. on “Histogram” 
Deepseek7B  and Qwen14B 
outperform GPT-4o  by 1.6×

▪ Different LLM presents 
distinct capabilities.
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Usage of Multiple LLMs

▪ How to use multiple agents to solve a coding problem?
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Usage of Multiple LLMs: LessonL
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How do agents work together in practice by lesson?
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How do agents work together in practice by lesson?



Results on Code Optimization

16

LessonL models: 

▪ deepseek-coder-7b-instruct-v1.5

▪ Qwen2.5-Coder-7B-Instruct

▪ Qwen2.5-Coder-14B-Instruct
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