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Video Temporal Grounding

Query sentence :

“A white puppy is eating cake”

[start, end] 

= {[15, 17.9] , [19.2, 25.3]}
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“What is Video Temporal Grounding?”
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Query : “A guy with red jacket is getting interviewed”“ [EOS] over-reliance phenomenon”

Figure 1(b). Cross-attention map from FlashVTG
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Introduction

Model Train Val

Pearson Spearman Pearson Spearman

CG-DETR 0.8960 0.8914 0.5962 0.7622

TR-DETR 0.8110 0.7754 0.6021 0.6340

FlashVTG 0.9745 0.9801 0.6771 0.7800

Quantitative analysis of [EOS] reliance phenomenon

Video clips [T]

[EOS]

[1]

Word

[ L-1 ] Aword [L-1, T]

A[EOS] [1, T]

Cross-modal Attention Map
Table A5. Correlation between [EOS] and word-token attentions

Pearson Correlation
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“Does [EOS] really capture everything?”

Figure 1(a). MR performance comparison with token configurations

Not always — [EOS] isn’t visually grounded, 

salient visual cues can be under-represented.

➔ Word tokens can complement [EOS].

Higher correlation :

Lower correlation :

EOS dominant state is VTG model’s current optimum

≈
>>

[EOS] Word + [EOS]

[EOS] Word + [EOS]



Method

Figure 2. Overall architecture of DualGround
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Experiment Result

Table1. MR & HD results on QVHihglights Test split

Table2. MR & HD results on QVHihglights Val split

Table5. MR results on Charades Test split



Experiment Result

Figure 3. Visualization results on QVHighlights val split
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Phrase-Word Attention map
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