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• LLMs have become a prevalent approach for 
robotic code generation.

Unstack: Place a green block into a green bowl

• However, LLMs frequently hallucinate valid-
looking but physically infeasible code or fail to 
recover when execution errors occur.

object 5&6 is 
s t a c k e d  o n 
t o p  o f  t h e 
green block.

 We propose InstructFlow, a multi-agent framework that 
establishes a symbolic, feedback-driven flow of information 
for code generation in robotic manipulation tasks.
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# Symbolic Constraint Induction from Failures

• We formalize the symbolic constraint ϕ as a conjunction over 
two complementary modalities of failure correction.
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• Empirical results validate the 
InstructFlow’s  ab i l i ty  to 
h a n d l e  l o n g - h o r i z o n , 
constraint-sensitive scenarios 
with improved success rates 
and sample efficiency.

• A code snippet illustrating how InstructFlow repairs the Unstack plan by 
intuitively injecting a targeted object removal routine automatically derived 
from InstructFlow’s structural reasoning.

Conclusion

InstructFlow supports targeted 
code repair, avoids full-plan 
regeneration, and significantly 
e n h a n c e s  r o b u s t n e s s  i n 
manipulation tasks.

• InstructFlow can repair 
code respects both spatial 
constraints and temporal 
dependencies.
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