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* Step 1involves joint training with a shared encoder in a multitask learning framework, enabling the simultaneous training of 0% s
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(1) Cross-Decoder NAT Knowledge Transfer Autoregressive and Non-Autoregressive decoders. 086 osl oo
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Algorithm 1 CROSSNOVO: AT Fine-tuning with Cross-Decoder NAT Knowledge Transfer iy — L NOTAR .
1: Inputs: Dataset D; Pre-trained parameters (D¢, O1, Onar) from Stage 1; Fine-tuning epochs g & SPME ¥ HC-GluC
Eiy; Learning rate 7j; Max NAT length Tinax. * Cross-decoder gradient blocking is employed throughout to optimize the training process. ; &
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