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Motivation

• Noisy retrieval: RAG systems exhibit notable fragility, 
particularly when confronted with irrelevant or noisy retrieved 
evidence

• Misalignment: Standard RAG pipelines often fail to ensure that 
model reasoning remains consistent with the evidence 
retrieved, leading to factual inconsistencies.

Generalization to OOD Scenarios

When Retrieval Falters, AlignRAG Thrives

Integrate as a Plug-and-play Module

Reasoning Misalignment in RAG

We decompose RAG reasoning into three interdependent phases, 

each susceptible to misalignment despite ideal retrieval:
• Phase 1: Relevance Assessment
• Phase 2: Query-Evidence Mapping
• Phase 3: Evidence-Integrated Synthesis

Overview of AlignRAG Framework

Key Contributions :

✓ Reconceptualize RAG as Retrieval-
Augmented Reasoning, exposing 
Reasoning Misalignment.

✓ We introduce Critique Learning, a 
novel training pipeline enabling CLMs 
to generate retrieval-augmented 
critiques while mitigating self-
preference bias via contrastive 
synthesis. 

✓ We propose AlignRAG, a test-time 
reasoning optimization framework 
using CDA steps for iterative 
refinement

✓ AlignRAG-auto, a autonomous 
extension that adaptively determines 
the optimal refinement depth for 
improved efficiency and usability.

Main Results Iterative Alignment in RAG

More Analysis
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