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Part 1｜Motivation
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Motivation

General Reasoning LLMs

• Strong performance in GENERAL tasks(math, code)

• Lack data in specialized domains

Expert AI models

• Like AlphaGo for Go

• Expert level performance in SPECIALIZED tasks.

• unexplainable, no general ability(chat, explain, reason in 

natural language)
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Part 2｜Method



Page 6

Method

Pipeline Overview
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Method: Modeling Go

1. Direct Modeling (Sec 2.1):

• Each move position is a combination of a letter and a number coordinate.

1.1 Direct Modeling 1.2 Context Curse

2. 2-D board rendering (Sec 4.3):

• This state is represented as a 19×19 2-D array, where the values 1, -1, and 0 denote a black stone, 

a white stone, and an empty intersection, respectively.

2.1 2-D Rendering 2.2 Better Performance
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Part 3｜Experiments
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Experiments

Strong General Performance

Expert-level Go Performance
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Experiments: Reinforcement Learning
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Part 4｜Conclusion
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Conclusion

When AlphaGo Thinks

• Our method presents a viable solution for general LLMs to master specialized tasks. 

A Possible Solution for more tasks with: 

• Lack of natural language data

• scalable structured domain specific data

• a reward function

Limitations
• Incorrect Go terms

• Sometimes ambiguous COT

• Requires expert level human supervision
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T h a n k  y o u  f o r  l i s t e n i n g !


