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Current Limitations & Motivation
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ADRPO for Flow Matching
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Can we find a way to
adaptively adjust 𝜷
without extra computation?



Experimental Results

Base Model: SD3 (2B)
Reward Model: Clip Score



Experimental Results



Visualizing Exploration-Exploitation Trade-off in 
Policy Optimization



ADRPO for LLM & Reasoning Models
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LLM Post-Training (Improving GRPO) Base Model: Qwen2/3
Reward Model: RM-Gemma-2B



Multi-Modal Reasoning Model Base Model: Qwen2.5-Omni
Reward Model: Verifiable 
Rewards 
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