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Background Proposed Method Experiments

What is Dataset Distillation (DD) ?

How do existing methods achieve MDD?
❖ Modality Collapse in MDD

Beyond Modality Collapse

Dataset distillation is to 
synthesize a tiny and compact
dataset from a given real and 
large dataset, such that the 
former can yield a comparable
performance as the latter.

Results:

Comparison with SOTAs on Flickr-30k & COCO

The ablation study of RepBlend

Better
performance &
higher speed

paper codes

pronounced intra-modality aggregation and inter-modality separation

❖underlying theoretical cause

observable effects：

➢ The intra-modal similarity 
consistently increases 
throughout the distillation 
process.

➢ Feature centralization 
widens the modality 
gap, making non-
matching pairs 
indistinguishable.

✓Mitigating Modality Collapse via Representation Blending

✓Enhancing Cross-modal Alignment via Symmetric Projection 
Trajectory Matching
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Enhance the image-side distillation
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