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2. Key Idea & Motivation Study

1. Background & Motivation

Existing Work: Motivation Study:

* Reinforcement Learning (RL) and Supervised Fine-Tuning (SFT) have been the dominant methods for improving * Base models contain similar latent long-CoT activations as the reflective models.
reasoning in LLMs.  The activations are sparse and are highly stimulated with the appearance of certain signal words such as “wait”

 These approaches can enhance performance but are expensive, unstable, and offer limited interpretability of how
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