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We study the problem of training a pre-trained model during test time using RL without 
ground-truth labels. We call this setting Test-Time Reinforcement Learning.
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TTRL	estimates	rewards	via	majority	voting	
on	unlabeled	data	for	RL	training.
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Role

Scale up RL with unlabeled data to turn more computation into intelligence, and move toward
the RL-driven self-evolution method.

It performs well on 14 models (1.5B - 32B) spanning the 
Qwen, LLaMA, Mistral, and DeepSeek series.

Not Overfitting to Test Data. It’s Generalizable.

Why Does TTRL Work?
“Lucky Hit” plays a crucial role.

How Well Can TTRL Perform?
Close to training on the benchmark.
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