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Introduction



Our Method

LLMs are remarkably good at in-context learning—that is, adapting to new examples directly within 
their prompts, without changing any parameters.

We discover that this in-context mechanism can implicitly perform gradient-like updates inside the 
self-attention layers.

Based on this insight, we design GLIM, a Gradient-free Learning In-context Method.
GLIM allows an LLM to simulate both stages of strategic classification:



Our Method

A. Simulating the Inner Stage (Strategic Manipulation)

Goal: Show that the LLM can produce a feature update Δx equivalent to a gradient-based strategic 
manipulation.

B.Simulating the Outer Stage (Decision Rule Optimization)

Goal: Show that the LLM can adjust its effective decision rule in response to the manipulated 
features, again without fine-tuning.



Some Experimental Results

Linear & Non-linear attention layers

Large-scale & Small-scale datasets
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