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must infer 3D structure from inherently limited 2D observations. This process 
is further complicated by occlusions, perspective distortions, and texture 
ambiguities, all of which introduce significant spatial uncertainty
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Ø Performance Comparison
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Results on OpenEQA, ScanQA, and SQA3D datasets
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(a) Route Plan

Qwen2.5-VL-7B: Turn Back, Turn Left +Both (Ours) : Turn Left, Turn Left

You are a robot beginning at the chair and facing to lamp. You want to navigate to the lamp
on the cabinet. You will perform the following actions (Note: for each [please fill in], choose
either 'turn back,' 'turn left,' or 'turn right.'): 1. [please fill in] 2. Go forward until the
wardrobe. 3. [please fill in]. 4. Go foward until the lamp. You reached the final destination.

(b) Appearance Order

Qwen2.5-VL-7B: door, towel, refrigerator, microwave

+Both (Ours) : towel, microwave, refrigerator, door

What will be the first-time appearance order of the following categories in the video: door, 
towel, refrigerator, microwave?

Ø Case Studies



Thank you for watching!
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