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Figure: Aggregated fragment importance extracted from the learned symbolic utilities.

Challenge: Traditional decision models (e.g., Utility Theory) optimize for population-level Table: Performance comparison of LLM-based, classical choice, and machine learning methods
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ATHENA explains why each person makes a choice—linking group-level symbolic

(b) Travel-mode choice task. ATHENA cuts the Swissmetro-versus-Car confusion from 83 to 6 structure to individual Semantic reasoning in a tra nsparent’ human_readable form.

instances, refining forecasts of low-carbon rail adoption.

Figure : ATHENA yields improvements on classes that matter most yet were previously hard to distinguish.
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