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Large Language 
Models can help 
address this! 



Introducing the pipeline for 
Generating Computational Cognitive Models (GeCCo)



Results

Cognitive domains
1. Decision making 
2. Learning 
3. Planning 
4. Working memory

GeCCo
Base LLMs
1. Llama-3 70B 
2. Qwen-2.5 72B 
3. R1 70B
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Results: Decision making

Hilbig & Moshagen (2014)



Results: Working memory

Rmus et al (2023)
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1. Contribution of different model features: Reasoning

2. Causal role of different prompt components: 

a. Feedback         

b. Template 

3. Data contamination ❌

4. Recovering ground truth models in synthetic datasets ✅

5. Total explainable variance captured by            ⇔

Control experiments



Conclusion

- GeCCo successfully generates interpretable models across multiple domains:

1. Decision-making

2. Reinforcement Learning

3. (Model-based) Planning

4. Working Memory

- LLMs have the potential to democratize complex scientific discovery and 

accelerate pace of scientific research in cognitive science.   

- A scalable pipeline using LLMs for generating computational cognitive 

models, called GeCCo. 
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Results: Learning
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