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TL;DR: We propose a practical { Estimating the Penalty ¥ ) { Extensive Evaluation ¥ )
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Key Idea: ensemble disagreement is a good heuristic.

Sim-to-real gap: the worst-case L, Wasserstein distance
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Solve in simulation: penalty ’ ’
~ Does it work? Yes. Trick: compute disagreement on privileged state information,
maxE.  Jy (7) st. E. ,C; (7)<d . : : : . .
mell ¢ : Check out videos @ yardenas.github.io/spidr not directly on images.

Read the paper for a deeper dive into why it works and for more experiments
Open-source implementation @ https://github.com/yardenas/safe-learning Q


https://github.com/yardenas/safe-learning
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