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LRC surpasses SOTA models 

trained on trillions of tokens--
while using only 20B tokens 

FROM SCRATCH, achieving 
over 1,000x training efficiency.

Paper Github

Attention and normalization modules are omitted. LRC involves two main steps: 

(1) Low-Rank Projection: applying low-rank projection matrices to compress 
the teacher’s weights into a lower-dimensional space, which are then assigned to 
the student. (2) Activation Clone, executing standard forward passes in both 
models to collect intermediate activations, which are aligned using Mean Squared 
Error (MSE) loss.

Generate the Student using Low-Rank Projection Instead of Training One!
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Insights: Clone the Key-Value 

Knowledge in FFN.
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