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Methodology

* Employ evidential priors through high-order Normal Inverse Gamma
(NIG) distributions to fit the semantic covariance matrix:

Motivation

 Background: Composed image retrieval distinguishes positive from negative
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Figure 1: Illustration of uncertain matching results. (left) Unreliable top-ranking results disrupted by Image % tz Correlation measurement . B
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m Figure 2: The Framework of RUNC. Uncertainty perceptron introduces evidential priors to fit the

semantic covariance and yield uncertainty distribution to calibrate the supervision on the fusion query.

Mathiods i K%%callﬁffl i e | RsulIEfz@K ko3 | AVER@5, Ryypeet @1) Implicit guidances p* are incorporated to distill effective features for retention and modification.
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Analysis of Evidential Learning T()p ranking results.



