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The key to diversity
• Capture user latent preferences under data bias

Limitation of exiting work
• Via deep learning: rely on observed data only
• Via LLM: focus on coarse category level only

Selection bias Exposure bias



Our motivation
• From user behaviors to latent preferences
• With LLM’s expertise
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User profile & history Observed Latent

User preference

LLM

Rationale

• Example: travel, transportation, local cuisines, and photography



• Step 1: Constructing Tree of Preferences over items
Uncovering latent preferences
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• Step 2: Capturing latent preferences via rationale reasoning.
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Uncovering latent preferences
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Uncovering latent preferences
• Step 2: Capturing latent preferences via rationale reasoning.
• A variant with Lora fine-tuning:

User profile & history + ToP User preference



• Matching candidate items with preferences
Guiding diverse and relevant recommendations
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• Data generation for debiasing user interactions.

• Dynamic user selection: reduce token burden
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Guiding diverse and relevant recommendations



Experiments
- Twitter, Weibo, Amazon
- Metric
• Relevance: recall
• Diversity: category-entropy
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- Baselines
• Heuristics: random, MMR…
• Traditional: LCD-UC, CDM…
• LLM-based: LLMRec, LLM4Rerank…
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