
Contributions:
l Self-DPO alleviates the need for costly pre-generated 

images and human ranking efforts, enables scalable and 
dynamic training, and introduces greater diversity into the 
preference supervision signal.

l Self-DPO not only matches but surpasses conventional 
DPO in both qualitative and quantitative metrics. We 
attribute it to the greater diversity of preferences sampled 
during training.

Motivation & Abstract Method Experiments & Results

Motivations & Solutions:
p DPO has shown strong results in aligning text-to-image models 

with user intent. 
p The practical adoption of DPO is hindered by a costly and rigid 

training pipeline: it first requires the offline generation of a 
large set of image candidates, followed by extensive human 
annotation in the form of pairwise ranking.

p Instead of requiring external preference data, our method 
constructs training pairs dynamically using self-supervised 
image transformations.

p We identifies a "winning image” that satisfies human-aligned 
quality criteria, then generate a corresponding "losing image" 
by intentionally degrading the winner, either through visual-
quality reductions or text–image misalignment.
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Overview:
We generate the "losing" images self-supervisedly, enabling direct preference optimization 
without extra collecting and ranking steps. This lightweight procedure eliminates the 
substantial overhead of conventional DPO while retaining the same data requirements as 
standard SFT. 

The downgrade operation can be simply performed by randomly selecting images from the 
training dataset. For each self-generated image pair, the winning sample closely aligns with 
the prompt, whereas the losing sample fails to correspond to the description.


