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Model size correlates with Accuracy

Risk and Promises of Duo Asymmetry
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Temperature-Welghted Aggregation

Model size correlates with Accuracy, small model might mess up' large model
We show that a simple learned temperature-welghting strategy can effectively combat this.
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Selective Classification—AU.
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Correctness Prediction
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JQ-Only Duo variant uses larger model's prediction and temperature-weighted uncertainty.

This shows that the sidekick model fo 4l is effectively re-ranking the large model’s prediction.



Universal Improvement Across Metrics
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