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Qualiaive Compansons of our method against prewousapproaches -

Model Ablation & Analysis

« A dual-field architecture that improves the modeling of Gaussian properties
by disentangling geometry and view-dependent effects.

* A hybrid rendering strategy that reduces computational overhead and
improves rendering quality for backgrounds.

Grid-based neural fields often overlook high-frequency scene components such as
intrinsic structures. We address this problem by aggregating the predicted properties
from neural fields with explicit properties stored in each Gaussian. These Gaussian
properties are then integrated into the efficient 3DGS rasterizer.
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By synergistically combining neural fields, explicit Gaussians, and neural 1. Compute its intersection point with a background sphere, \t A | ook Time (&) ™
background map, we achieve competitive or superior performance in both visual 2. Sample the radiance field at the intersection point. Effectiveness of explicit Comparison of PSNR and model
quality and model compactness, while maintaining real-time rendering. 3. Composite the foreground and background colors using alpha blending.
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