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FF-KV 6 8 36
. TopK-FF-KV 9 9 32
FF Weight Vectors SAE Decoder Weight Transtformer Key-Value Memories SAE 6 9 35
(FF-KV Features) Vectors Transcoder 16 11 23
(Learned Features) Are Nearly as Interpretable as
Sp arse Autoencoders Feature Alignment Analysis
Do proxy-learned features truly offer Most features between FF-KV and Transcoder are
better lnterpretablllty’7 Mengyu Ye1, Jun SUZUki1’2, Tatsuro |naba3 unaligned. Perhaps, Transcoder features are hallucinated...?
» We compared FF-KVs (vanilla & variants) against SAEs Tatsuki Kuribayashi3

and Transcoders using automatic evaluation and human
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