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EgoBlind Dataset Overview

1,392 egocentric 

videos from 

real blind people.

5,311 in-situation 

questions reflecting

visual assistance.
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EgoBlind Video Scenarios

House Work Mall Shopping Public Service

Transport Outdoor Navigation Travelling
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EgoBlind Question Catgeories

How should I turn on this 
induction cooker? 

Tool Use

(6%
)

What products are on the left?

Information
Reading
(47%)

Can I cross the road now?
Safety 

Warnings
(24%)

Where is the blind  alley?

Navigation
(13%)

Are there any available 
seats nearby?

Resource and 

Others(7%)

Who is the person in front 
of me?

Communication (3%)
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EgoBlind Dataset Construction

• Video Crawling

• Video Editing

Video Collection

Retrospect

• Sighted: Correctness

• Blind: Relevance

Question Verification

Review

Question Collection

Manual Extraction

AI Generation

Blind Annotation

Answer Annotation

• Multiple Answers

• Cross-Validation

• Translation

EgoBlind data construction pipeline.
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Experiments – Overall Analysis

• None of the model achieves the desired level of performance on EgoBlind, all lagging behind human 
performance by a whopping 54%~28%.

• The models that are superior at general-purpose egocentric VQA (e.g., LLaVA-Video) and image 
blind-VQA (e.g., VILA1.5) are not the best-performing.

• No single 
model wins 
across all 
question 
types. 
Answering 
“Navigation” 
questions is 
the most 
challenging 
task for 
almost all 
models.

• Stronger 
LLMs and 
larger visual 
resolution 
often bring 
better 
performance, 
while more 
frames do 
not always 
help
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Experiments- Investigations

• Single frame input at the question moment hurts the overall performance, 
though it helps information reading.
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Experiments-Assist-related  Challenges

User Intention

Spatial

Orientation

Reliable

Scene-text Deictic 
Expression
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Experiments- Investigations

• Finetuning with EgoBlind training data significantly improves QA performance.
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Experiments- Investigations

• Chinese-specific elements matter little the performance, though EgoBlind
videos are collected from China.
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Summary

• EgoBlind is the first egocentric VideoQA datasets collected from real-blind people.

• The videos and questions are diverse, reflecting blind users’ in-situation needs for 

visual assistance under various conditions.

• We provide an average 3 reference answers for each question for better evaluation.

• Existing models show significant performance gap to humans, indicting large room 

for improvements. EgoBlind training data are important.

• Limited location bias though the data are collected in China.

https://github.com/doc-doc/EgoBlind Presenter: 
junbin@nus.edu.sg


