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.- Our Research Questions

* Q1: How do existing MLLMs perform in face and human understanding?
« 25 MLLMSs’ overall performance
 Ability correlations across levels
* Target relative position impacts
« CoT prompting effects.

« Q2: Which tasks do specialist models outperform MLLMs at?
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.- Answering Q1: MLLMs’ Performance
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.- Answering Q1: MLLMs’ Performance

Ability Correlations
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.- Answering Q1: MLLMs’ Performance

Relative Position of Targets
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.- Answering Q1: MLLMs’ Performance

Hints & CoT Prompting

Setting Format Open-Source: InternVL-Chat-v1.2-Plus Close-Source: GPT-40

Face Human Per. Rea. Overall | Face Human Per. Rea. Overall
ZS QO—A 69.7 83.1 7677 760 764 68.5 16 689 717 70.0
H QOH—A 68.4 832 764 759 75.9 72:2 746 704 780 734
H+VCoT | QOH—RA 69.1 825 759 748 p o 76.4 80.7 782 712  78.6
H+1TCoT | QOH—RA 68.6 814 756 743 75.0 77.9 819 790 812 799
H+2TCoT | QOH—R, QOHR—A | 69.1 9.1 758 71.8 74.1 77.0 812 784 712 79.1
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.- Answering Q2: Specialist Models vs. MLLMs

Hints & CoT Prompting

L3 Ability Age Expression Deepfake  Spoofing Action Counting
Dataset UTKFace %5;2;3 (C%ﬁ}l;_oll)llz d) FF++ SiW-Mv2 HICO-DET  ShTech-A
Matric MAE | ACC 1 ACC? ACC 1t ACER | mAP 1 MAE |
Random 27.89 13.85 8.08 50.84 50.05 9.32 1512.65
InternVL-Chat-v1.5 6.43 72.23 42.93 56.21 14.84 22.29 2195.69
LLaVA-NeXT-34B 6.01 171 41.04 53.42 22.38 13.74 1592.55
InternVL-Chat-v1.2-Plus 5.21 76.40 30.56 52.89 19.92 1225 251825
Best of The Above 3 321 77.71 42.93 56.21 14.84 22.29 1592.35
Early Specialist Model 5.47 74.20 44.55 82.01 9.40 19.81 110.20
Relative Score 1.01 1.06 0.96 0.17 0.87 1.24 -0.06
Need Specialist Model? No. No. No. Yes. No. No. Yes.
L3 Ability BasicFR  C.P.FR C.A.FR S.L.FR  Occ. FR Re-1D
Dataset LFW CPLFW CALFW SLLFW MLFW Market1501
Matric ACC 1 ACC 1 ACC 1 ACC 1 ACC 1 ACC 112
Random 50.05 49.75 50.12 50.18 50.05 49.47
InternVL-Chat-v1.5 83.68 58.13 61.40 56.72 32.15 77.53
LLaVA-NeXT-34B 91.32 65.87 62.07 70.25 53.73 85.67
InternVL-Chat-v1.2-Plus 92.57 67.98 66.50 68.50 58.65 88.73
Best of The Above 3 92.57 67.98 66.50 70.25 58.65 88.73
Early Specialist Model 99.50 87.47 92.43 98.40 82.87 95.26
Relative Score 0.86 0.48 0.39 0.42 0.26 0.86
Need Specialist Model? No. Yes. Yes. Yes. Yes. No.
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.- Answering Q2: Specialist Models vs. MLLMs

Hints & CoT Prompting
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InternVL-Chat-v1.2-Plus 92.57 67.98 66.50 68.50 58.65 88.73
Best of The Above 3 92.57 67.98 66.50 70.25 58.65 88.73
Early Specialist Model 99.50 87.47 92.43 98.40 82.87 95.26
Relative Score 0.86 0.48 0.39 0.42 0.26 0.86
Need Specialist Model? No. Yes. Yes. Yes. Yes. No.
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Thanks!

Project Homepage: https://face-human-bench.github.io/
You can also scan the QR code to visit it!
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