
AGENTIF: Benchmarking Instruction Following of
Large Language Models in Agentic Scenarios

Yunjia Qi*, Hao Peng*, Xiaozhi Wang, Youfeng Liu, Bin Xu, Lei Hou, Juanzi Li
Tsinghua University, Zhipu Ai

吥䗩叻ⲥ絆ざ錞薴埇䒭絆ざ

Code Paper



Motivation
• Large Language Models (LLMs) have demonstrated advanced 

capabilities in real-world agentic applications.
• Agentic scenarios often involve lengthy instructions with complex 

constraints, such as extended system prompts and detailed tool 
specifications.
• Following these instructions is essential for task success and 

demonstrates a core capability of LLMs.
• However, whether LLMs can effectively follow instructions in real-world 

agentic scenarios remains underexplored.
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An Example of AGENTIF



AGENTIF: the first benchmark for evaluating 
LLM instruction following in agentic scenarios

• (1) Realistic, constructed from 50 real-world agentic applications. 
• (2) Long, averaging 1723 words with a maximum of 15630 words. 
• (3) Complex, averaging 11.9 constraints per instruction, covering diverse 

constraint types, such as tool specifications and condition constraints.



Model Performance on AGENTIF

All models 
demonstrate
suboptimal 

performance



Model Performance on AGENTIF

Models 
perform much 
lower on the 
condition and 
tool constraint



Analysis of Condition and Tool Constraint

Condition Constraint: 
A substantial portion (above 30%) of errors is due to incorrect condition checks

Tool Constraint: 
(1) Disallowed tool usage and omission of required tools constitute the primary errors.
(2) Thinking models more frequently neglect the required tools.



Analysis of Instruction Length and Constraint 
Quantity

- Model performance generally declines with increasing instruction length or constraint count.
- When the sequence length exceeds 3,000 and the number of constraints is greater than 40, the model’s 

performance exhibits a sharp decline, which may stem from increased task difficulty as well as 
insufficient relevant training data.



Analysis of Meta Constraints

Unlike regular constraints that apply directly to the model’s response, meta constraints govern other constraints



Conclusion
• We propose AgentIF, a benchmark for evaluating instruction following 

in realistic agentic scenarios with long, detailed instructions and 
complex constraints. We believe AgentIF is valuable to the community 
for building robust agentic applications.
• We conduct comprehensive evaluations using AgentIF and draw 

several insights. Our results show that even the best-performing LLM 
follows fewer than 30% of instructions perfectly, demonstrating the 
difficulty and necessity of AgentIF.
• We conduct further analyses, including error analysis, instruction 

length, and meta instructions, which reveal specific limitations of 
existing LLMs and potential directions for future optimization.



Thanks for Listening!
Contact: qyj23@mails.tsinghua.edu.cn
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