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NEURAL INFORMATION BiasEdit: Debiasing Stereotyped

-Y Language Models via Model Editing
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Figure 4: Gender Reversal Robustness. Pre-debias
refers to SS of pre-trained language models on the gen-
der reversal test set before debiasing. Debiased refers
to SS of debiased models by BIASEDIT.
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Table 2: 1tBias-Free Score (%) of different LLMs (§4.1) on BBQ. dp: deepseek. Safe RLHF doesn’t
support reasoning LLMs. Among all eight bias mitigation techniques, dark blue indicates the best

BiasFreeBench: a Benchmark
for Mitigating Bias in Large

performance and lighter blue indicates the second-best one.
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