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A shared search tree combines LLM semantic proposals with algorithm-specific Bayesian optimization.
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Evaluation protocol

## Informative historical trials with most improment: Separate ablation: 10 datasets - 4 variants
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Evaluation results selection to surrogate reliability.

Local: the ancestral refinement path. Global: attempts balancing similarity and performance.

Scope & limitations Reflection: evaluation feedback becomes guidance; BO and warmup use rule-based summaries.

Noisy validation feedback can mislead search. Proposal quality also _

depends on the underlying LLM. Adapt as the surrogate improves Read the paper Explore the code
LLM backbone: GPT-40-mini. Early: LLM semantic priors S Later: more BO proposals arxiv: 2601.12355 PRU-DAIR/open-box

Driven by surrogate ranking quality; selection remains probabilistic.


mailto:beichengxu@stu.pku.edu.cn
https://arxiv.org/abs/2601.12355
https://arxiv.org/abs/2601.12355
https://arxiv.org/abs/2601.12355
https://github.com/PKU-DAIR/open-box
https://github.com/PKU-DAIR/open-box
https://github.com/PKU-DAIR/open-box

