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Compress the context. 4—38 x 1 encoder Frozen LLM
Keep the LLM frozen.

fewer input vectors for several LLMs no weight is modified

Documents become a few continuous vectors that an unmodified LLM reads in place of its near full-text accuracy at 4x a small MLP per decoder (<1% params) no forgetting, plain text still works
token embeddings.
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Faster & cheaper LLM untouched Works across scales Generalizes Key to make it work Next challenge openreview.net/forum?id=1UTP9dsqfn
inference Off-the-shelf and frozen: no 1B to 3B encoders, 3B to 8B QA, reading, translation, Every training stage and both Longer contexts in agentic code, models and paper

4—8x fewer input vectors at forgetting, one encoder for LLMs. summarization, unseen pretraining losses. settings.
near full-text accuracy. several LLMs. biomedical QA.
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